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Evw 5 5F—4DEINFEN mHealth

JEFT : Quantified Self E&Ef

— “Self knowledge through self-tracking”

— BERIE1970FE K H 5

— #:E“Wired Magazine”’ CTig S
« 2007; Wolf, Kelly #2252 X3
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THERAPEUTICS
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- @® 4 BlueStar Q * HBRHAOECEE
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— “trust your physician, not chat room”
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Preemptive Medicine

Personalized Medicine

. ftE DpopulationEZE<One size “By making use of precise molecular

fits for all>[X 4 LR Y L= L) knowledge (FIE#EZ{EF) to detect

- A—DHRATELONTILNSA, disease before symptoms are manifest,
NEMEENZHFE and intervening before disease can strike.”
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L) H2016%F38 (8% < DEFRBBEERDH 2 I O EHE

(Lee Sedol : JLE%) [THKER L. 4B1BXEBEHHIL 1=

— Fx X :IBM [Deep Blue] H19974F (1 ZEFDH Fchampion, 7 X/\0
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o AIEEZHOFENZE 105 T100-150H 5 700-800
o CT MRITE{& D 2 AT A el

o IXtRERFEEAYL/3

- FEFEOREINRBEIWLUTIC

: I: FOEMREAIDZERBEZ LR S5 ~100

o KETIIL DAIIFDAN KR
,,,,, MRI

ImageNet Large Scale Visual Recognition Challenge
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E 25 nn
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# Opinion articles, reviews, conference abstracts 8 Other topics
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Mammography and breast tomosynthess nuUs
W Radiography B PET and SPECT
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2017, Arterys:
IDEDEIMRIEE D S
8. DBE. DELGTED
mEhz 1 S THH., 60 F[EEH
fih A, FFENALE L

2018, Viz. Al IXZHCTE1ER KL VY
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[Z{EE. 66DV 6 5. tPA 4.5 FfE

2018, IDx, EEfi%: L T2Wr, FERIKMNE
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2017, R 32 74— FXKZE (Nature)
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Peer-reviewed Comparison Between Al

and Experts

Specialty Images Publication
Radiclogyy CT head, acute Titano et al. =
neurology neurclogical events
TEtEs - LT head for brain Arbabshirani et al.”
fis 2 % hemorrhage
T head for trauma Chilambkurthy et al.*
¥R for metastatic lung Mam et al.”
nicdules
CXR for multiple findings  Singh et al.
Mammography for breast Lehman et al.”
density
Wrist X-ray® Lindsey et al.”
Pathology Breast cancer Ehteshami Bejnordi et al ™
FRIBss Lung cancer { +driver Coudray et al =

mutation)

Brain tumors
{ + methylation}

Breast cancer metastases®

Breast cancer metastases

Capper et al.™

Steiner et al.*

Liu et al.*

Specialty Images Publication
Dermatology 5kin cancers Esteva et al™
RIER Melanoma Haenssle et al.™
Skim lesions Han et al.®
Ophthalmology  Diabetic retinopathy Gulshan et al.™
F[EES Diabetic retinopathy* Abramoff et al @
Diabetic retinopathy* Kanagasingam et al.~
Congenital cataracts Long et al.™
Retimal diseases (OCT) De Fauw et al.™
Macular degeneration Burlina et al >
Retinopathy of prematurity Brown et al.f
AMD and diabetic Kermany et al.™!
retinopathy
Gastroenterclogy  Polyps at colonoscopy® Mori et al -
j(ﬂ%lﬂ*ﬁ,ﬁ Polyps at colonoscopy Wang et al.””
Cardiokogy Echocardiography Madani et al =
DT 3I— Echocardiography Zhang et al.*

Praspective studees are dencted with an asterisk.
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FDA approved Al system

Company FDA Approval Indication

Apple September 2018  Atrial fibrillation detection

Aidoc August 2018 CT brain bleed diagnosis

iCAD August 2018 Breast density via
mammography

Zebra Medical July 20n8 Coronary calcium scoring

Bay Labs June 2018 Echocardiogram EF
determination

Meural Analytics May 2018 Device for paramedic stroke
diagnosis

1Dx April 2018 Diabetic retinopathy diagnosis

lcometrix April 2018 MR brain interpretation

Imagen March 2018 X-ray wrist fracture diagnosis

1|.|"iz_.E|i February 2018 CT stroke diagnosis

Arterys February 2018 Liver and lung cancer (MRI, CT)
diagnosis

MaxQ-Al January 2018 CT brain bleed diagnosis

Alivecor Movember 2017 Atrial fibrillation detection via
Apple Watch

Arterys January 2017 MR heart interpretation
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Comparison of separability of 2-dimensional codes generated by an autoencoder (right) and PCA (left) on the MNIST dataset
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Variational Continuous variable
Autoencoder representation for:
jointly-trained * Interpolation

i * Optimization
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ISR * Exploration
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PGCM1 : progesterone receptor membrane 1
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neuroinflammation in experimental models of
Alzheimer's disease
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GPMG6A : Glycoprotein M6A
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in response to overexpression of Tau protein
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